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The trade finance gap continues to grow worldwide, with 

COVID-19 increasing the gap. SMEs are 2.6x times more likely 

to be rejected for a loan than a multinational (Kim et al., 2019, 

2021).

Global trade finance gap, $ trillion, %

Our hypothesis is that leveraging operational supply chain data 

from logistics trade operators, financial institutions can reduce the 

“Know-Your-Customer (KYC)” and the trade transaction costs.

We believe that reducing transaction costs of KYC will lead to 

higher access to supply chain financing for SMEs because the 

main barriers to trade finance for SMEs, are “KYC” requirements 

(76%) and transaction costs (59%) (Kim et al., 2019, 2021).
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Feature engineering 
informed by
• EDA
• Interviews with logistics 

operator and SMEs
• Market surveys and 

research
• Prior research
• Principal component 

analysis (PCA)

(2) Feature 
engineering

(1) Exploratory data 
analysis (EDA)

Complementary 
databases
To enhance the model 
prediction

(3) Models & experimenting

Randomly segmented training and testing data
Utilizing k-fold method

Exploratory data analysis
To understand the 
exhaustiveness, quality and 
reliability of the data

Models (e.g.)
(a) Logistical 
regression
Probability of SME 
defaulting on trade 
loan
(b) Multivariate 
regression
Predict length of 
payment delay

Testing
To identify key 
features and 
significance

Experimenting
To observe 
effects on trade 
finance access

We expect our research to:

• Identify key supply chain features from transactional databases 

from logistics trade operators to improve the measurement of 

creditworthiness of SMEs for supply chain finance

• Experiment to observe the estimated increase in supply chain 

financing for SMEs

• Capture the tacit knowledge of creditworthiness assessment 

of SMEs processes through interviews with logistics trade 

operators and SMEs

Expected Contribution

We propose five models to assess the creditworthiness of SMEs 

for supply chain finance: (a) logistic regression, (b) CART, (c) 

CART with weights, (d) Bayesian classifier, and (e) Logistic 

regression with LASSO regularization:
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